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Abstract: Based on experiences presented at the
3rd Joint Seminar "Al and Biological
Systems," held on March 28, 2022, this
paper proposes a novel concept termed
"AlI2L (Al to Learn)" as an alternative to
conventional application-oriented (black-box)
Al approaches. The AI2L philosophy
emphasizes utilizing Al not merely as an
efficiency-enhancing tool but rather as a
support mechanism aimed at enhancing
users' critical thinking and learning
capabilities.  Specifically, we introduce
practical examples, including the use of
Grad-CAM in an image classification
experiment to visualize the presence or
absence of microscopic black oxidized
titanium regions in inadequately versus
adequately polished titanium plates, as well
as applying symbolic regression-based Al to
tabular data for uncovering underlying
principles of hyperthermal sarcomeric
oscillations (HSOs) in heated
cardiomyocytes. From these experiences,
we discuss the necessity and applicability of
using Al in ways that do not leave explicit
traces of Al intervention in the final
results—namely, employing Al methods

designed to foster human learning.
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