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Automatic Polyp Detection Using Extraction of Candidate Region and Machine Learning
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#* 2: Real AdaBoost 7 3: Random Forests
T | Sens[%] | Spec[%] || T | Sens|[%] | Spec|[%)]
1 100 97.7 1 100 98.4
2 99.1 96.5 2 100 98.1
3 99.1 57.2 3 100 98.2
4 100 97.4 4 100 98.4
5 98.5 97.1 5 100 98.1
6 100 96.8 6 100 98.3
7 98.8 97.7 7 100 98.2
8 98.2 99.1 8 100 98.4
9 99.1 99.1 9 99.7 97.9
10 100 97.4 10 100 98.4
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